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Advances in the application of ultrasound combined with radiomics and
artificial intelligence in the diagnosis and prognostic evaluation of

gastrointestinal stromal tumors
Liv Yang ,He Xuemei
(Department of Ultrasound , The First Affiliated Hospital of Chongqing Medical University )

[ Abstract] Gastrointestinal stromal tumors (GISTs) are the most common mesenchymal neoplasms of the gastrointestinal tract, and
early diagnosis and accurate evaluation are of great significance for clinical treatment. Ultrasound examination plays an important role
in the preliminary detection, hemodynamic monitoring, and prognostic assessment of GISTs, but the complex and diverse manifestations
of GISTs have increased the difficulties in diagnosis. Radiomics and artificial intelligence (Al) have significantly improved the effi-
ciency of medical imaging analysis, and they are expected to enhance diagnostic accuracy and provide a scientific basis for prognostic
evaluation. This article systematically reviews the latest research advances in ultrasound—based radiomics and Al in the diagnosis and
prognostic evaluation of GISTs, with a focus on their application value in early diagnosis and risk assessment, in order to provide theo-
retical support for optimizing clinical decision—making.
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