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Research progresses of radiomics in thyroid nodules
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Abstract: The detection rate of thyroid nodules has gradually increased in recent years. Comprehensive and accurate preoperative
evaluation and early identification of risk factors help doctors to choose treatment options and improve prognosis. Radiomics extracts
quantitative features from medical images for evaluation of thyroid nodules through high-throughput mining of invisible image features, which
has been widely used and has excellent performance in the identification of benign and malignant thyroid nodules, lymph node metastasis,
extrathyroidal extension, molecular biological changes, recurrence and prognosis of thyroid cancer. However, there are also shortcomings
such as large differences in performance among models from different institutions. This article reviews the application value, limitations and
future development prospects of radiomics in the thyroid nodules, so as to provide new ideas for clinical practice and research.
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