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Optimization strategy and practice analysis of airway management based
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[ Abstract] Airway management plays an important role in clinical anesthesiology , emergency medicine, and critical care medicine.
Proper airway management can effectively reduce postoperative pulmonary complications and lower the risk of death for patients. The
application of artificial intelligence in the field of anesthesiology is becoming increasingly mature and has become an important compo-
nent of modern anesthesia practice. The algorithm model that identifies difficult airway by analyzing medical imaging information can
provide decision support for assessing complex airway. The technological innovation of anesthesia robots in airway management has
made significant progress, and a robot—assisted tracheal intubation system based on machine vision technology and deep neural net-
work technology has been developed. This review focuses on the application progress of anesthesia robots in airway management in the
era of artificial intelligence.
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