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a Original; bk Threshold; ¢ My method
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Application of Markov random fields in segmentation of image

Xu Dongmin, Xian Wu, Xia Zhijian ( Faculty of Administration for Teaching Facilities, Third Military Medical University,
Chongqing, 40003 8)

Abstract Objective: To seek a method of segmentation for biomedical image- Methods: Based on
Markov random fields model of noise, a iteration algorithm was presented by using maximum a posteriori
(M AP) criterion. Results: Some ideal experimental results showed that the algorithm had a vast range of ap-
plication prospect in analysis and measurement of medical cell image and reconstruction of CT image. Conclu —
sion: Compared with other classical algorithms, this algorithm has the characteristics of high precision for
segmentation and multi-region segmentation.
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