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[ Abstract] Objective: To investigate the effect of deep learning image reconstruction (DLIR) versus adaptive statistical iterative
reconstruction—V (ASIR-V) on image noise and texture in upper abdominal contrast—enhanced CT. Methods : A retrospective analysis
was performed for the upper abdominal contrast—enhanced CT images of 40 patients, and images were reconstructed at 1.25 mm slice
thickness using 10,30%,50%,70% ,and 90% ASIR-V and DLIR at low(DLIR-L) , medium (DLIR-M) , and high( DLIR-H) settings.
For objective evaluation, the CT values and noise of liver parenchyma, spleen, and paravertebral muscle were measured , and the skew-
ness coefficients of the CT values for these structures were calculated to reflect image texture ; for subjective evaluation, image noise,
image contrast, distortion artifacts, and a 5—point discrete visual scale were used to assess image noise and texture. Results : For both
reconstruction algorithms, image noise in liver parenchyma, spleen, and paravertebral muscle decreased with the increase in reconstruc-
tion strength. The skewness of CT values on ASIR-V increased with the increase in reconstruction percentage , while the skewness of
CT values on DLIR remained unchanged or decreased with the increase in reconstruction strength and was lower than that on ASIR-V

images. The 70% and 90% ASIR-V images appeared to be “too smooth” and “speckled”. However, the subjective score of DLIR was

significantly higher than that of ASIR-V in terms of distortion arti-
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facts and noise texture. Conclusion: DLIR can effectively reduce
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